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summary

The research aims to build an artificial intelligence network capable of
distinguishing those infected with pneumonia, after training it to recognize the
symptoms of this disease using deep machine learning algorithms through the
.Python language

In this research, we seek to build a deep learning network based on the latest
developments in convolutional neural networks with the aim of identifying
this disease (Covid 19) as well as predicting the location of infection through
.the use of the Mask RCNN network

Machine learning algorithms are a set of programs developed in general and
with general rules to process input data in all forms. They find relationships
and patterns in the data by applying statistical and mathematical equations.
Each algorithm is characterized by certain characteristics and outputs, so that
It can represent the data in different ways or predict new data outputs based on
it. Relationships and patterns inferred from the input data.
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Region based R-CNN
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Fast R-CNN
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Mask R-CNN 4z ¢a
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Mask RCNN
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